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Transformer & Quantum Science oon R
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VAE & GQE o ERR
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GQCO: Generative Quantum Combinatorial Optimization [ B
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GQCO Workflow oon BT
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What/How to Encode [ B
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What to Generate [ B
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Model Architecture BT

EbicHkG. 2 EEA B,

Encoding with Graph Transformer

Edge

Feed X 12
—»| | Forward Norm

—
Node

Node Features

A 4 1 2
Feed Feed v
F d Transformer F d ] yah R
Input Problem i — == o™ Convolution Norm o J N Norm 'L
L ) S ) |
Positional ( N
o Encoding ©
" 7 ; Feed ] . ol
—_ — Token A\ N Multi-Head | /T Norm Multi-Head | /T Nl Forward M Norm L] Linear Softmax .
N Embedding | \1l/ Attention [\]/ Attention [ \[/ J \/ .
X 12

Circuit 4 J
Decoding with Transformer

ERRAREAN EXRRTEESHRM 13



Model Architecture BT
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How to Train v vl

Direct Preference Optimization + Negative Log-likelihood (= Contrastive PO) [rafailov+ 2023, Xu+ 2024]
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Curriculum Learning & Expert Tuning
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